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Fuzzification is the process of ey

converting a crisp input value to a @ ------ ’

fuzzy value that is performed by " T Fuwifiion [ "EREE ) pefwsieaion > Q"éﬁ:{éz?ve
the use of the information in the ¥ N

knowledge base. Fuzzy Inference Process

various types of curves can be

seen in literature, Gaussian,
triangular, and trapezoidal MFs
are the most commonly used in

the fuzzification process.

Optimization of PID Controller Response using Fuzzy Inference System



https://scholar.google.com/scholar_url?url=https://www.researchgate.net/profile/Suvadip-Roy/publication/304446999_Optimization_of_PID_Controller_Response_using_Fuzzy_Inference_System/links/576f7ed708ae0b3a3b79d2c8/Optimization-of-PID-Controller-Response-using-Fuzzy-Inference-System.pdf&hl=en&sa=T&oi=gsb-ggp&ct=res&cd=0&d=8086263019836206374&ei=BR8qY9jFAaiTy9YPrsOjeA&scisig=AAGBfm10Uf1YC0zwWjUaOpyfs8g7mwe6Dw
https://www.sciencedirect.com/topics/computer-science/fuzzification
https://www.sciencedirect.com/topics/engineering/crisp-input
https://www.sciencedirect.com/topics/computer-science/fuzzification
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Defuzzification is the process of

obtaining a single number from the { Mapping Rules

=

output of the aggregated fuzzy set.

Quantitative

. . C?(Ijjr ilsl;gm ::> Fuzzification 4'\, Ilgz;gge > Defuzzification > Out'put
Fuzzy Fuzzy (Crisp)
It is used to transfer fuzzy inference St Ouiput
results into a crisp output. L -
There are several forms of > '

defuzzification including center of
gravity (COG), mean of maximum
(MOM), and center average

methods..
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The inference engine 1s responsible for

applying the inference rules to the fuzzy If .. . Then....

input in order to generate the fuzzy output.

i: Mapping Rules }

!

Quantitative
Sl _Inp ut | ) Fuzzification ) Infert?nce )| Defuzzification > Output
(Crisp) oo/ Engine :
Fuzzy Fuzzy (Crisp)
Set Output

Fuzzy Inference Process
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Key Point Extraction | fRUIe #1:
N - il A E 1 A - 1
{J { If Xy @)is 7" & Xy, (t)is 7 & Xy (t)is 7,
Key Points Feature Vector Calculation then X\lk (t _|_1) — pé + pll)(lk (t) + p;X\Zk (t)_|_ p3)(3k ('[)

{ g | :
21/22 Key Points Matching <

4 4 '
Rule #R:

Geometric Modeling If Xy ) is 75 & X, (t)is ° & Xy () is #F

S S | then X, (t +1) = pg + Py Xy @)+ PFX,, ) + i Xy (t)
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